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This paper provides an overview of the trends in the safety of automotive products equipped with Al
technology, with a focus on deep learning. Specifically, it examines the evolution of Al in automotive
products, the types and roles of Al in automated driving, and the challenges and technical approaches to
ensuring safety. Furthermore, it also provides a detailed account of the research community on Al safety,

as well as the regulatory and standardization trends in the cross-disciplinary field and the automotive

industry.
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Fig.1 Al applications in vehicles. The bold frames indicate Al that is equipped in market products
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Fig.2 SOTIF-related hazardous event model (above), SOTIF cause and effect model (below)
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Fig.5 The overview of regulations and international standards in intersectoral fields and the automotive industry
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