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Introduction of Explainable Al into Object Detection Using Point Clouds

BEXEER

Michihiro KUROKI

Explainable Al (XAl) is widely researched to enhance the interpretability of Al systems with black-box
nature. XAl has made significant contributions in the field of object recognition, especially in image-based
classification tasks. However, research on interpretability is relatively scarce when it comes to 3D object
detection using point clouds from LiDAR sensors, which are commonly employed in autonomous driving
applications. Given that these technologies are utilized in the safety-critical field, we think we should
engage in the research of interpretability in 3D object detection using point clouds. In this paper, we
propose a novel XAl method for 3D object detection and experimentally demonstrate its performance.
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Fig.1 Example of explainable Al in object recognition
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Fig.2 Example of several types of explainable Al in object recognition
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Fig. 3 Overview of explainable Al in 3D object detection using points clouds
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Fig. 4 Explanation results of explainable Al in 3D object detection
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